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Exploring causal relationships among emotional

and topical trajectories in political text data
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Causal analysis
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(ACF based clustering, Ward linkage).
e Cluster selection with ASW and HG.

e \We determine Granger causal relationships
between time series within groups.

e Granger causal directed graphs are con-
structed via causal relationships.

Results

e No clear tendency that emotional shifts are
driven by topical changes or vice versa.

e Two domains, parliamentary discourse and
media, seem to be rather disconnected.

e Exception: topical stability of FP (right-
wing) in the parliament seems to affect dy-
namics in the media (both topical and emo-
tional).
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